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Abstract

Focusing on the lower localization accuracy of agricultural sensor network for single objective

optimization multi—objective pigeon—inspired optimization localization algorithm is presented to solve the multi—objective

optimization localization problems in this paper. The multi —objective optimization function is composed of the spatial

distance function and the geometric topology function. The optimal solution is obtained by multi-objective pigeon—inspired

optimization algorithm.The simulation results show that the proposed method has good robustness and greatly improves the

positioning accuracy of the sensor nodes.
Key words localization of sensor

algorithm

multi—objective optimization

multi—objective pigeon—inspired optimization



