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UAYV Path Planning Based on Adaptive Weighted
Pigeon—inspired Optimization Algorithm

LIN Na HUANG Si—ming GONG Chang—qing
( School of Computer Science Shenyang Aerospace University Shenyang Liaoning 110136 China)

ABSTRACT: In complex environment using traditional Pigeon—inspired Optimization algorithm for the UAV route
planning leads local optimum and slow convergence speed and unstable problem. This paper introduces an Adaptive
Weighted Pigeon—inspired Optimization algorithm. The adaptive weight coefficient is applied to calculate the speed
and position of the individuals in the population which enhances the quality and efficiency of route planning. The sim—
ulation results show that the Adaptive Weighted Pigeon—inspired Optimization algorithm provides a shorter route dis—
tance a lower threat cost consumption and shorter algorithm running time while comparing with PIO and PSO. After
the spline smoothing the UAV route is flyable.
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